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In the light of the recent attention to the role of social media in the dissemination
of fake news, it is important to understand the relationship between the characteristics of the social media content and re-sharing behavior. This study seeks to examine individual level antecedents of information re-sharing behavior including
individual beliefs about the quality of information available on social network sites
(SNSs), attitude towards SNS use and risk perceptions and attitudes.
Testing the research model by data collected through surveys that were administered to test the research model. Data was collected from undergraduate students
in a public university in the US.
This study contributes to theory in Information Systems by addressing the issue
of information quality in the context of information re-sharing on social media.
This study has important practical implications for SNS users and providers alike.
Ensuring that information available on SNS is of high quality is critical to maintaining a healthy user base.
Results indicate that attitude toward using SNSs and intention to re-share information on SNSs is influenced by perceived information quality (enjoyment, relevance, and reliability). Also, risk-taking propensity and enjoyment influence the
intention to re-share information on SNSs in a positive direction.
In the dynamic context of SNSs, the role played by quality of information is
changing. Understanding changes in quality of information by conducting longitudinal studies and experiments and including the role of habits is necessary.
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Information Re-Sharing on Social Network Sites

INTRODUCTION
In 2013 Facebook announced exceeding 1 billion active users worldwide, and reaching 1 billion active
mobile users in 2014 (Wagner, 2014). As of the first quarter of 2016, Twitter boasted over 310 million monthly active users, and over 500 million tweets sent per day
(https://about.twitter.com/company ). Communication, networking, and information sharing are
among the key reasons for using social media (Ahn, Han, Kwak, Moon, & Jeong, 2007), and, as a
result, social media is emerging as one of the key platforms for information dissemination (Xiang &
Gretzel, 2010). Information sharing on SNS typically involves one of two forms: self-disclosure, the
sharing of personal information by a user, and re-sharing, whereby users share content that is posted
by other SNS users or third parties. Re-sharing behavior, which may be referred to as retweeting,
sharing, re-vining, or re-blogging, is one of the major mechanisms of online information dissemination (Suh, Hong, Pirolli, & Chi, 2010) and, as such, represents an important category of informing
(Cohen, 2009). SNSs such as Twitter, YouTube, and Facebook are used for rapid information dissemination (Mislove, Marcon, Gummadi, Druschel, & Bhattacharjee, 2007), including information dissemination during political campaigns (Bakshy, Messing, & Adamic, 2015) as well as crisis situations
(Oh, Agrawal, & Rao, 2013).
While re-sharing of high quality information may help create a well-informed society, re-sharing of
content that contains poor quality, inaccurate, or intentionally misleading information can have negative consequences, such as the spread of fake news (Polansky, Heimann, Schiller, & Morgan, 2017).
While the very definition of fake news, the role of social media in the spread of fake news, and the
effect of fake news on social and political outcomes remain the subject of debates (Allcott &
Gentzkow, 2017; Harford, 2017), various approaches to combatting fake news are being proposed.
These range from the use of human fact checkers for tracking fake news sites and informing social
media users about potentially false content to applications of big data analytics and artificial intelligence algorithms for identification and suppression of false content (Eastwood, 2017). Yet, given the
importance of the human factor in the spread of fake news, effective measures for combatting the
dissemination of fake news requires a deep understanding of how information quality factors in individuals’ decisions to re-share social media content.
Whereas significant research has focused on individual level determinants of information disclosure
behavior, research on re-sharing has focused primarily on the effects of the structural properties of
information dissemination networks (A. Lee, Yang, Tsai, & Lai, 2014; Mendoza, Poblete, & Castillo,
2010). In the light of the recent attention to the role of social media in the dissemination of fake
news (Allcott & Gentzkow, 2017), it is important to understand the relationship between the characteristics of the social media content and re-sharing behavior. This study seeks to examine individual
level antecedents of information re-sharing behavior including individual beliefs about the quality of
information available on SNS, attitude towards SNS use and risk perceptions and attitudes.
Specifically, the goal of this this study is to answer the following research questions:
•
•

What is the relationship between perceived SNS information quality and information resharing?
What is the relationship between individuals’ risk-taking propensity and information resharing on SNS?

The research model proposed here helps explain re-sharing behavior using factors such as perceived
information quality and risk propensity. This study tests the proposed model using survey data collected from users of SNSs. The results of the study provide insights into re-sharing behavior and
have important implications for research and practice that are discussed in the discussion section.
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LITERATURE REVIEW
S OCIAL N ETWORKING U SE
Behavior of SNS users is influenced by situational factors, characteristics of a particular SNS environment, and individual characteristics of the users, known as intrinsic and extrinsic factors (Lin &
Lu, 2011). Because people are aware of their intentions to use SNS (Lu & Yang, 2013), much of the
research in SNS usage has been informed by the Theory of Planned Behavior (TPB) (Ajzen, 1991;
Pelling & White, 2009), the theory of reasoned action (Ajzen & Fishbein, 1980; Valente, Gallaher, &
Mouttapa, 2004), and the derivative models, including TAM and UTAUT models (Davis, 1986, 1989;
Kwon & Wen, 2010; Sykes, Venkatesh, & Gosain, 2009; Venkatesh, Morris, Davis, & Davis, 2003). As
predicted by TPB and TAM, usage intentions are a strong predictor of SNS use (Baker & White,
2010), therefore, the usage intention construct is used as a proxy for the actual usage in IS research
(Taylor & Todd, 1995; Van der Heijden, 2003; Venkatesh et al., 2003) and in SNS usage studies
(Kwon & Wen, 2010). SNS usage behaviors vary widely and include such behaviors as online social
interaction and communication (Sykes et al., 2009), relationship maintenance (Utz, 2015), information seeking and exchange (Borgatti & Cross, 2003), information self-disclosure (Chen, 2013), location disclosure (Koohikamali, Gerhart, & Mousavizadeh, 2015), content sharing (Z. Shi, Rui, &
Whinston, 2014), mongering (rumoring) (Koohikamali & Kim, 2016; Oh et al., 2013), and entertainment (C. Lee & Ma, 2012). SNS behaviors can be differentiated into three main categories: directed
communication with individuals, passive consumption of social news, and broadcasting (Xie, 2014).
The variety of SNS usage behaviors is reflected in the different conceptualization and operationalization of the SNS usage and usage intentions. Specifically researchers examined usage behaviors such
as continuance use (N. Shi, Lee, Cheung, & Chen, 2010), information disclosure (Posey, Lowry,
Roberts, & Ellis, 2010), identity construction (Zhao, Grasmuck, & Martin, 2008), and customers’ engagement (Chu & Kim, 2011). Because usage intentions are related to actual usage behavior
(Venkatesh et al., 2003), SNS usage intentions are used as a dependent variable in the research on the
SNS user behavior and preferences (Bansal, Zahedi, & Gefen, 2010; Kuss & Griffiths, 2011; Pelling
& White, 2009).
TPB, TRA, and TAM models posit that attitudes towards a behavior are strong predictors of behavioral intentions TAM models theorize that attitudes towards IS use are influenced by individuals’ perceptions of usefulness and ease of use of the system, as well as social norms regarding using the system (Davis, 1986, 1989). In the context of SNS use, attitudes towards using SNSs influence behavioral intention to use SNSs (Lowry, Cao, & Everard, 2011). Attitudes towards using SNS are, in turn,
influenced by privacy concerns (Lowry et al., 2011), social network structure (Peng, Fan, & Dey,
2011), social identity (Dholakia, Bagozzi, & Pearo, 2004), gender (Hargittai, 2007; Koohikamali, Peak,
& Prybutok, 2017), and cultural differences (Kim, Sohn, & Choi, 2011).
Later versions of TAM, as well as UTAUT models, have dropped the attitude construct, posing instead that intentions to use an IS are influenced directly by individuals’ beliefs about the IS usefulness
(performance expectancy), IS ease of use (effort expectancy), social norms (social influence), and
facilitating conditions (Venkatesh et al., 2003). Consistent with TAM and UTAUT models, belief
about SNS usefulness, social norms, satisfaction, enjoyment, and prior experiences influence SNS
usage intentions (Chang & Zhu, 2012; C. Lee & Ma, 2012; Lin & Lu, 2011) and social norms influence intentions to adopt and use SNSs (Baker & White, 2010; Chang & Zhu, 2012) SNS continuance
intention is influenced by SNS users’ satisfaction about the SNS use (Chang & Zhu, 2012), as well as
perceived usefulness and enjoyment (Lin & Lu, 2011). Intentions to share news on SNSs are correlated with prior SNS users’ experiences (C. Lee & Ma, 2012).
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I NFORMATION S H ARING ON SNS
Social network sites give their users an ability to create contents and share this with others. Intentional and voluntary sharing of personal information with others is commonly referred to as selfdisclosure (Chen, 2013; Posey et al., 2010). Self-disclosure includes sharing of personal information
such as dispositions, states, events, home addresses, phone numbers, relationship statuses, personal
photos and videos, and locations (Chen, 2013). Self-disclosure behavior can be characterized by its
intent, as well as by the amount, honesty, depth, and valence of the disclosed information (Posey et
al., 2010). Consistent with TPB, self-disclosure intentions are influenced by perceived benefit, perceived risk, privacy concerns, information control, and sensitivity (Xu, Michael, & Chen, 2013). Other motivating factors for information disclosure include internet trust, personal internet interest
(Dinev & Hart, 2006), social validation, self-expression, relational development (Bazarova & Choi,
2014), and entertainment (Utz, 2015). Privacy-related factors such as privacy concerns, privacy attitudes, and privacy practices have been cited as primary inhibitors of self-disclosure behavior (Chen,
2013; Tschersich & Botha, 2013; Zlatolas, Welzer, Heričko, & Hölbl, 2015). Notably, motivating factors appear to be stronger predictors of self-disclosure behavior that the inhibitors. For example,
perceived convenience in relationship maintenance has a stronger influence on self-disclosure behavior than perceived privacy risk (Krasnova, Spiekermann, Koroleva, & Hildebrand, 2010), and perceived benefit has a stronger effect on self-disclosure intentions than privacy concerns (Xu et al.,
2013).

I NFORMATION R E -SH ARING
Taking advantage of SNA functionality, SNS users can re-share contents shared by their connections
with minimal effort. Content re-sharing process involves a content’s creator, a sharer, and connections of the sharer (Z. Shi et al., 2014). When SNS users share content with their connections, such
content is likely to be re-shared by its recipients (Kane, Alavi, Labianca, & Borgatti, 2014). As connections of a sharer can also act as sharers, a sharer of content often does not have a direct connection with the content creator (Viswanath, Mislove, Cha, & Gummadi, 2009). Due to the transitivity
of SNSs’ structures, re-sharing practices may result in the dissemination of information beyond the
circle of its intended recipients (Kane et al., 2014). For example, when a tweet is retweeted it reaches
an average of 1000 users even for a person with low number of followers (Kwak, Lee, Park, &
Moon, 2010).
Although the practice of information re-sharing predates SNS applications (retweeting is an equivalent of email forwarding, which existed long before the creation of Twitter (Boyd, Golder, & Lotan,
2010), the speed and the scale of SNS-based content re-sharing makes information dissemination
using SNS qualitatively different from earlier information disseminations models (Oh et al., 2013).
SNS-based content re-sharing, such as retweeting, contributes to a conversation ecology and brings
new people into a specific strand, indirectly motivating them to participate (Boyd et al., 2010). It also
implies a form of validating the content and engaging with others (Boyd et al., 2010). In spite of the
important social consequences of information re-sharing, little research exists regarding factors that
influence individuals’ intentions to re-share content.

P ERCEIVED I NFORMATION QUALITY
The emergence of SNS as a major platform for information dissemination, and consequently as a
key informational resource, makes it necessary to consider SNS content from a perspective of information quality (Pradhan & Gay, 2013). The issue of information quality, as well as perceived information quality of internet resources, has attracted significant attention following the proliferation
of corporate and personal websites in 1990s (Flanagin & Metzger, 2000). Information quality is a
multi-dimensional construct, and several models for the conceptualization and measurement of information quality exist (Eppler & Wittig, 2000; Miller, 1996; Zmud, 1978). Miller (1996) relates information quality to the degree to which information users’ needs are addressed and lists ten dimen218
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sions for information quality: accuracy, timeliness, completeness, coherence, format, accessibility,
compatibility, security, and validity. The AIM Quality methodology for information quality assessments identifies four key quality components: intrinsic, contextual, representational, and accessibility
(Y. Lee, Strong, Kahn, & Wang, 2002). The IS success model defines five dimensions of contextual
information quality, including completeness, ease of understanding, personalization, relevance, and
security (Delone & McLean, 2003). Information quality is an important predictor of information
satisfaction, attitude towards IS use, IS usage intentions, system adoption, and system use (Delone &
McLean, 2003; Ghasemaghaei & Hassanein, 2015; Nicolaou, Ibrahim, & Van Heck, 2013; Wixom &
Todd, 2005).
In the context of Internet use, where users have limited ability to ascertain the actual quality of information, perceptions of information quality play an important role (Nicolaou & McKnight, 2006;
Yang, Cai, Zhou, & Zhou, 2005). Research suggests that perceived information quality is highly situational and depends on the source and content of information (Castillo, Mendoza, & Poblete, 2011;
Johnson & Kaye, 2004; Metzger, Flanagin, & Medders, 2010). Such view is relevant to examining the
role of information quality in the context of SNS use. Information content on social media includes
photo and video content, user-generated text, links to web sites, and system-generated content such
as location information. One of the distinguishing characteristics of user-generated contents is large
variation in information quality (Agichtein, Castillo, Donato, Gionis, & Mishne, 2008; Yang et al.,
2005).

R ISK-TAKING P ROPENSITY
Individuals have different tendencies toward taking or avoiding risks, and risk-taking propensity describes how individuals deal dealing with uncertainties and their readiness to bear risk (Ahmed, 1985).
Risk-taking propensity is defined as individuals’ willingness and dispositions to take risks in different
situations (Magdalena, 1977). Risk-taking propensity is a non-stable and non-constant dispositional
attribute that can change over time (Sitkin & Weingart, 1995). Literature suggests that decision makers exhibit more risk-taking propensity (are more risk-seeking) when pursuing positive opportunities
(March & Shapira, 1987). In addition to its positive effect on risky decision (Sitkin & Weingart, 1995),
risk propensity has been shown to reduce the perception of risks in the context of email use (Chen,
Wang, Herath, & Rao, 2011).

THEORETICAL BACKGROUND AND RESEARCH MODEL
I NFORMATION R E -SH ARING AS AN ACT OF I NFORMING
Before researchers examine the theoretical frameworks that can help to understand the antecedents
of information reshoring behavior, it is important to consider information re-sharing on SNS in the
context of the Informing Science framework (Cohen, 2009). Grounded in Shannon and Weaver’s
communication model (1949), the informing science framework views the act of informing as a
transmission of a message from a sender to a client(s) over a medium. In addition, drawing on Wilson’s work on information seeking (1981), the informing science framework explicitly recognizes that
social and environmental factors, as well as psychological characteristics of the sender and the client
play an important role in the informing process as they influence the framing of the message. Specifically, the context in which the message is received as well as information about the sender of the
message may influence how the message is framed by the client (receiver of the message). SNS platforms serve as the medium through which the message is transmitted, but also as a macro-informer
that provides its users with information about the context and the sender (Evangelopoulos, Magro, &
Sidorova, 2012). As a result, every time a user encounters content on SNS, such a user can be viewed
as a client in the act of informing. Such a user (client) becomes informed not only about the content
of the message as intended by the sender but also about the sender, the social characteristics of his
SNS environment, as well as the level of noise associated with SNS as a medium. Such information is
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expected to influence how future messages received by the users from the same or other senders in
the SNS environment are framed. From the informing science framework point of view, information
re-sharing can be viewed as co-joining of two informing acts, where the focal actor first acts as a client. Then, depending on the framing of the received message, the client may act as a sender and
transmit the message to additional clients with or without reframing it (adding may be used to reframe the content before re-sharing) (Figure 1).

Figure 1. Information re-sharing framework

ANTECEDENT OF INFORMATION R E-SH ARING
Information re-sharing behavior is an IT post-adoption behavior, whereby users who have adopted
the social networks re-share the information being shared by others. As such, the re-sharing behavior
is expected to be influenced by factors outlined in TPB, including attitude towards the behavior, as
well as perceived behavioral control and subjective norms (Kautonen, Gelderen, & Fink, 2013). Resharing is also a risky behavior, potentially associated with negative reputational outcomes. Therefore,
it is likely to be influenced by individual risk perceptions and risk-taking propensity (Chen et al.,
2011; Sitkin & Pablo, 1992). Information quality has been shown to be an antecedent of perceived
risk associated with system use in the context of organizational data interchange systems (Nicolaou
et al., 2013). In addition, information quality is considered a key determinant of system usage intentions in general, according to the IS success model (Delone & McLean, 2003). Because reputational
benefits and risks associated with information re-sharing depend on whether the shared information
is perceived as valuable and correct by the sharer’s connections, perceived information quality is expected to be an important factor influencing information sharing intentions. Drawing on the model
of determinants of risk behavior (Chen et al., 2011; Sitkin & Pablo, 1992), TPB and research on information quality, this research proposes that individual’s intentions to re-share information on SNS
are influenced by the interplay of information quality perceptions, individual’s risk propensity, as well
the overall attitude towards using SNS. The complete research model is presented in Figure 2.
Perceived high-quality information is information that is perceived valuable to its users (Eppler &
Wittig, 2000). Information is of value if makes a difference and leads such a user to alter her/his
behavior or way of thinking (McKinney & Yoos, 2010). For that, information needs to be relevant to
that particular user.
Perceived information relevance is defined as the pertinence of the informational content to the enduser. Relevance is often dependent on users’ interests, and information that is relevant for some users
may be irrelevant for others (De Choudhury, 2011, p.619). When SNS users encounter content on
the SNS, they are expected to assess the relevance of that content for themselves as well as for connections in their network. If the information is perceived as relevant, and thus of value, the user will
perceive the time spent on SNS acquiring and assimilating such information as well spent. This is
expected to result in improved attitudes towards SNS user in general. On the contrary, if information
content encountered by the user on SNS is deemed irrelevant, the user will view his time on SNS as a
waste of time, thus leading to a less positive attitude towards SNS use.
H1: Perceived information relevance is related to attitude toward using SNSs in a positive direction.
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Figure 2. The research model of information re-sharing
Information is reliable when it is correct and fault free (Naumann & Rolker, 2000). However, because
SNS users rarely have an opportunity to ascertain the correctness of information, they may perceive
information as reliable if they have confidence in the reliability of the information source (Knight &
Burn, 2005). If information content is perceived as reliable, it offers higher value to the users, as the
user can act upon such information with higher confidence. Users who perceive information available on their social network as reliable, and thus more actionable, will view their time spend on SNS
obtaining such information as a value adding activity, and thus will have a more positive attitude towards SNS use in general. On the contrary, users who do not trust the information on their SNS as
reliable will consider SNS use as an unproductive activity, and thus will have a less positive attitude
towards SNS use.
H2: Perceived information reliability is related to attitude toward using SNSs in a positive direction.
In the context of hedonic SNS use, informational content may also be of value if consuming such
content provides entertainment and elicits positive affective reactions from the SNS users. Information enjoyability reflects the degree to which consuming the information is perceived as pleasurable, fun and entertaining (Schaal, Smyth, Mueller, & MacLean, 2012). To the extent that SNS users
derive hedonic pleasure from information consumption on SNS, the use of the SNS will be considered as an activity that contributes positively to the overall well-being of the users, and users will have
positive attitudes to SNS use. SNS information content that does not elicit positive affective reaction
or that elicits negative affective reaction making users sad or angry will contribute to the overall dissatisfaction with SNS, and will result in the overall less positive attitudes towards SNS use.
H3: Perceived information enjoyability is related to attitude toward using SNSs in a positive
direction.
Information relevance, reliability, and enjoyability are also expected to be pertinent to the users’ decisions to re-share information. Re-sharing information that is relevant and/or enjoyable to others on
the individual’s social network is expected to result to messages and responses related to the reshared content, thus strengthening the social ties between the user and his/her network, and thus
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contributing to the social capital of the user (Wasko & Faraj, 2005). Because building social capital
and maintaining social ties is one of the key reasons for SNS use (Xie, 2014), users are expected to
re-share information that they perceive as relevant and/or enjoyable to members of their social network. Because users typically have a large number of SNS connections, and because many of their
connections typically have common interests, users are expected to consider information that is relevant and enjoyable to them to be relevant and enjoyable to their connections. Consequently, it is expected that users are likely to re-share information that they consider relevant.
H4: Perceived information relevance is related to intention to re-share in a positive direction.
H5: Perceived information enjoyability is related to intention to re-share in a positive direction.
Users’ perception of information reliability is expected to play a role in their decision to re-share the
information. When information is unreliable, the user re-sharing such information can expect to incur reputational loss if the inaccuracy of such information is uncovered and publicly exposed by
his/her connections. SNS users are concerned about their online reputation and image. Indeed,
online reputation management has become a common practice for internet users (Madden & Smith,
2010). Consequently, SNS users are expected to avoid behaviors that have a negative effect on their
online reputation, such as intentionally propagating information that they consider un-reliable.
H6: Perceived information reliability is related to intention to re-share in a positive direction.
Information re-sharing is a type of SNS usage behavior, therefore, according to TPB (Ajzen, 2011),
individuals with a more positive attitude towards SNS use are expected to be more likely to engage
with the re-sharing behavior. In addition, unlike passive information consumption, information resharing, along with other types of information disclosure on SNS is observable publicly. Individuals
with a more positive attitude towards SNS use are likely to want to be seen by others as active SNS
users, and thus will engage in information re-sharing more actively. Individuals with a negative attitude towards SNS use are expected to avoid being “caught” using SNS, and thus are less likely to engage in publicly observable SNS usage behavior such as information re-sharing.
H7: Attitude toward using SNSs is positively related to intention to re-share.
SNS use in general, as well as information re-sharing in particular, is associated with risks, reputational and other, to its users (Hansen, Møller-Jensen, & Stubbe-Solgaard, 2004). Risk-taking behaviors
involve achieving a balance between perceived positive and negative consequences of performing a
behavior (Aklin, Lejuez, Zvolensky, Kahler, & Gwadz, 2005), and individuals differ with respect to
the degree to which they are willing to take risk (Sitkin & Weingart, 1995). Individuals with higher
risk-taking propensity are comfortable with a relatively higher level of risk than low-risk-propensity
individuals and typically engage in more risky behaviors (Chen et al., 2011).
Research on risk taking behavior suggests that risk-taking propensity is negatively related to risk perceptions (Chen et al., 2011; Sitkin & Pablo, 1992). Risk-averse individuals, i.e., individuals with low
risk-taking propensity, tend to focus more on examining potential negative outcomes (losses) compared to risk-seeking individuals who tend to focus more on examining potential positives outcomes
(gains). The increased salience of potential losses vis-à-vis potential gains results in the overestimation of the probability of losses and the underestimation of the probability of gains by risk-averse
individuals. Similarly, the increased saliency of gains drives risk-seeking individuals to underestimate
the probability of losses and to overestimate the probability of gains (Sitkin & Pablo, 1992). As a
result, it is expected that individuals with higher risk-taking propensity are likely to under-estimate the
risks associated with SNS use in relation to its benefits, compared to low risk propensity individuals.
Therefore, high-risk-propensity individuals are likely to have a more positive attitude towards SNS
use that low-risk-propensity individuals.
H8: Risk taking propensity is positively correlated with attitude to use SNSs.
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Similarly, individuals with high risk propensity are expected to underestimate the reputational and
other risks associated with information re-sharing and, thus, are more likely to engage in information
re-sharing behaviors, compared to low risk propensity individuals.
H9: Risk taking propensity is positively correlated with intention to re-share information on
SNSs.

METHODOLOGY
To explain the antecedents of shared information about others, this research proposes a model of
information re-sharing. This model draws on TPB and Delone and McLean’s (2003) IS success model to explain how perceived information quality influences intentions to re-share information on
SNSs.

S URVEY ADMINISTRATION
A survey was administered to test the research model. Data from undergraduate students in a public
university in the US was collected. Student samples are appropriate for this study because according
to the Pew research center, 75% of college students use Facebook, one of the most famous social
networks (Duggan & Smith, 2014). In addition, today teens share more information on social media
than they did in the past (Madden, Lenhart, & Cortesi, 2013). This study focuses on the information
re-sharing behavior on SNSs and undergraduate students are appropriate representative of the whole
population. The descriptive of demographic information of respondents is reported in Table 1. A
total of 456 respondents filled out the survey, and after excluding non-users and incomplete data, a
total of 379 valid responses were used. A breakdown of invalid and removed responses is reported
in Appendix A.
Table 1. Demographic information
Gender

Male (52%); Female (48%)

Age

80% of respondents are within age group18-25 years.

Dispensable Income per year

70% of respondents have less than $10000 dispensable income.

Academic Status

Freshman

Sophomore

Junior

Senior

Graduate

(37%)

(24%)

(15%)

(9%)

(15%)

Survey respondents identified the following SNS as most frequently used: Facebook (identified by
49% of respondents), Instagram (23%), and Twitter (16%). Nine percent of respondents reported
re-sharing content more than 15 times per week, 53% of respondents reported re-sharing information 1-5 times per week, and 22% of respondents reported not re-sharing content. The top three
most re-shared content types included images (reported by 41% of respondents), news (reported by
15% of respondents), and videos (reported by 14% of respondents).

DATA ANALYSIS AND RESULTS
The authors tested the posited model’s partial least squares (PLS) analysis. PLS employs a component-based approach for estimation that minimizes residual distributions (Chin, 1998) and is wellsuited for testing complex relationships by avoiding inadmissible solutions and factor indeterminacy
(Chen et al., 2011). PLS focuses on the explained variance of dependent variable, which is appropriate for exploratory research theories (Hair, Hult, Ringle, & Sarstedt, 2013). Smart PLS 3.2.4 is used to
test the research model, calculating t-tests for each path. A three-step analysis procedure was imple223
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mented: measurement model reliability and validity assessment, common method bias checking, and
evaluation of structural model.

E XPLORATORY FACTOR ANALYSIS
The exploratory factor analysis (EFA) was used to know whether measurement items represent underlying constructs or not (Ford, MacCallum, & Tait, 1986). Using the Varimax rotation, items with
low loadings or high cross loadings were removed from further analysis. All factors loaded greater
than 0.5 on one of the nine factors and greater than outer loadings on other factors. The results indicating that all factor loadings are greater than the recommended benchmark of 0.7 (Henseler, Ringle,
& Sinkovics, 2009). Thus, all items were used to perform the hypothesized model fit process. The
factor loading result is shown in Appendix B.

M EASUREMENT M ODEL R ELIABILITY AND VALIDITY
The adequacy of the measurement model is tested in three steps: examining measurement reliability
(composite and indicator reliabilities), convergent validity, and discriminant validity (Hair et al., 2013;
Hulland, 1999). Table 2 presents descriptive statistics, correlations, composite reliability values,
Cronbach’s alpha values, and the AVEs (average variance explained) of principal constructs.
First, measurement reliability is verified using composite reliability and Cronbach’s alpha values.
Composite reliability is established if all calculated values exceed 0.70 (Fornell & Larcker, 1981;
Nunnally, Bernstein, & Berge, 1967). Also, Cronbach’s alpha scores of 0.70 or greater are considered
acceptable (Nunnally et al., 1967), and scores between 0.8 and 0.9 are considered satisfactory
(Henseler et al., 2009). Table 2 shows all composite reliabilities and Cronbach’s alpha values exceed
0.70, verifying measurement reliability. Second, convergent validity is established by considering outer
loadings or the AVEs (Hair et al., 2013). Convergent validity is proven if AVEs reach at least 0.50 and
if principal hypothesized constructs load higher than other constructs (Chin, 1998). Table 2 shows all
AVEs exceed 0.50 and inter-item loadings are higher than outer loadings, thus establishing convergent validity (see Appendix B for details). Third, discriminant validity is verified by ensuring an indicator’s outer loading on a construct is greater than cross loadings with other constructs, and then by
ensuring for each construct the square root of AVE is higher than the outer correlations (Hair et al.,
2013). According to the item loading analysis in Appendix B and Table 2 analysis, all outer loadings
are greater than cross loadings for each construct and squared root of AVEs are higher than outer
correlations. The results affirm discriminant validity. Overall, results demonstrate a high reliability
and validity of the posited measurement model.
Table 2. Descriptive statistics, correlations, and average variance extracted
Principal Construct
1 Attitude (ATT)

Mean SD CR CA AVE

1

2

3

4

5

6

4.98 1.07 0.95 0.93 0.79 0.89

2 Perceived information enjoyability (ENJ) 5.55 0.94 0.91 0.85 0.77 0.63 0.88
3 Intention to re-share (INT)

5.11 1.34 0.96 0.95 0.82 0.60 0.53 0.91

4 Perceived information relevance (REL)

4.02 1.39 0.98 0.97 0.94 0.51 0.56 0.42 0.97

5 Perceived information reliability (RELI)

3.15 1.36 0.94 0.91 0.85 0.43 0.45 0.35 0.54 0.92

6 Risk taking propensity (RIP)

4.72 1.06 0.89 0.81 0.73 0.28 0.32 0.31 0.19 0.21 0.85

SD: Standard Deviation, CR: Composite Reliability, CA: Cronbach's alpha.
The diagonal elements (in bold) represent the square root of AVE.
Off-diagonal elements are the correlations among constructs.
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C OMMON M ETHOD B IAS
Common method bias presents a potential validity threat in survey studies (Campbell & Fiske, 1959).
According to Harman’s single factor test, common method bias may exist under two conditions.
First, a single factor emerges from the un-rotated factor solution. Second, a single factor accounts for
the majority of the variance within variables (Podsakoff, MacKenzie, Lee, & Podsakoff, 2003). First,
all the 22 items entered the explanatory factor analysis (EFA) and the un-rotated solution results in
six total factors, which equals the number of latent variables in the posited model. Second, the six
factors that emerged from the explanatory factor analysis account for 82% of variance in the data.
However, the initial extracted factor accounts for less than 50% of the total variance (45%). The explained variance of the seven extracted factors and their corresponding eigenvalues are the following:
45 % (eigenvalue = 4.26), 11.18% (eigenvalue = 3.93), 8.59% (eigenvalue = 2.79), 7.12% (eigenvalue
= 2.67), 5.71% (eigenvalue = 2.27), and 4.41% (eigenvalue = 2.12). Neither of two indicators for
common method bias occurred in this study.

S TRUCTURAL M ODEL ASSESSMENT
The PLS results show that the structural model explains 44.5% of variance in attitude toward using
SNSs and 41.4% in intention to re-share information. Thus, the posited model demonstrates satisfactory explanatory power to capture the SNS user intentions to re-share information. The PLS path
coefficients are shown in Figure 3. Overall, the results provide evidence supporting the research
model that is proposed.

Figure 3. Information Re-Sharing (ISH) Model Results
The results indicate that perceived information relevance (b= 0.18, p<0.001), perceived information
reliability (b=0.11, p<0.01), and perceived information enjoyment (b=0.45, p<0.001) are significant
predictors of attitude toward SNSs, together explaining 44.5% of variance in the dependent variable.
This provides support for hypotheses H1, H2, and H3. The relationship between risk taking propensity and attitude toward using SNSs was not found significant (b=0.08, p>0.05); thus, hypothesis H8
was not supported. As hypothesized, perceived information enjoyment (b=0.19, p<0.01), risk taking
propensity (b=0.12, p<0.01), and attitude toward using SNS (b=0.39, p<0.001) are all significantly
correlated with intention to re-share information, providing support for hypotheses H5, H7, and H9.
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The direct effects of perceived information relevance (b=0.02, p>0.05) and perceived information
reliability (b=0.08, p>0.05) on intention were not found significant; thus, hypotheses H4 and H6
were not supported.

DISCUSSION
F INDINGS
This study investigates the influence of perceived information quality, perceived reputation risk, and
risk-taking propensity on attitude toward using SNSs and intention to re-share information. As social
media morph from a place to stay in touch and learn about personal lives of friends and family, to
become the primary source of news and information about politics, the economy, the environment,
the quality of the information content becomes more important. As information shared by SNS users ranges from personal updates to political and sensational information (Osatuyi, 2013), the quality
of information shared is expected to influence various aspects of SNS user behavior. This study examines how users’ perceptions of different aspects of information quality influence users’ attitude
towards SNS, as well as their intention to re-share information they see on SNS. Consistent with the
predictions, all three aspects of information quality (i.e., information relevance, information reliability, and information enjoyment) were found to be significant predictors of attitude towards SNS use.
This is consistent with extant research on IS use, which suggests that perceived information quality
positively influence attitude towards IS (Wixom & Todd, 2005).
Attitude towards using SNS was found to be a strong predictor of intentions to re-share, which is
consistent with the notion that message framing by both sender and the receiver are influenced by
the social context (Cohen, 2009). In addition, both perceived information enjoyment and risk-taking
propensity were found to be significant predictors of the intentions to re-share information. This is
consistent with prior research that suggests that perceived benefits are a stronger predictor of selfdisclosure intentions than privacy concerns (Xu et al., 2013). However, the results support the conjecture that SNS users view information re-sharing as a potentially risky activity, and users with higher risk-taking propensity are more likely to re-share information on SNS. This is in line with prior
research that suggests that users understand that SNS use is associated with certain risks and take
measures to mitigate such risks. For example, almost two thirds of young SNS users have modified
their privacy setting to have more control over the information they share with others (Madden &
Smith, 2010).
Findings of this study contribute to the literature both theoretically and practically. From the theoretical point of view, this study is among the first to address the issue of information quality in the context of information re-sharing on social media. The model of information re-sharing (ISH) proposed
here integrates aspects on the theory of planned behavior (TPB) (Ajzen, 2011) and of the IS success
model (Delone & McLean, 2003), and incorporates the risk propensity as an important predictor of a
potentially risky behavior. Whereas to date, SNS use research has focused primarily on managing personal information and associated privacy concerns, this study moves the research agenda towards
viewing SNS as a general-purpose information dissemination tool, where information quality plays a
defining role. Yet, the results of the study suggest that the aspects of information quality that are
most important in the SNS context may be different from those defining IS use in other contexts.
For example, findings of this research suggest that information enjoyment is the only aspect of information quality that was found to be an important predictor not only of attitude towards SNS use,
but also of the intention to re-share information. Notably, this aspect of information quality is hedonically focused and is not considered critical in other IS use contexts (Wixom & Todd, 2005).
This study has important practical implications for SNS users and providers alike. Ensuring that information available on SNS is of high quality is critical to maintaining a healthy user base. Therefore,
SNS providers need to take particular care to prevent the erosion of information quality on their
sites due to a high number of hoaxes and trolling (Stein, 2016). Individual business users of SNS can
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make information about their products to be more ‘re-sharing ready’ by making it more enjoyable to
view such information.
This study contributes to the interdisciplinary field of informing science in two key ways. First, it
conceptualizes the act of informing not as an atomic transaction of passing a message from a sender
to a client, but as multi-stage process of information dissemination in which a client of one informing transaction becomes a sender and passes the message to other clients. Second, the study highlights the importance of the overall context in which the informing act takes place in shaping the
decision by a client to act as a sender and thus contribute to the dissemination of the message. Finally, by bringing information quality into the focus of the discourse on informing, this research highlights the need to consider the outcomes of informing (such as the spread of fake news) as a part of
the informing science framework.

L IMITATIONS AND F UTURE R ESEARCH
Findings of this study should be interpreted with regard to certain limitations. First, like most of
other survey methods, the cross-sectional data is limited in its ability to detect causality, therefore it is
impossible to determine whether information quality perceptions influence attitude towards SNS or
are a consequence of a more positive attitude. Therefore, this study suggests that further research
into the role of information quality employs other methods such as experiments to ascertain the
causal nature of the relationships.
Second, recent studies in IS research have tried to differentiate between the initial-adoption and postadoption behaviors by elucidating IS continuance behavior. IS habit is defined to explain the extent
people use IT automatically due to learning (Limayem, Hirt, & Cheung, 2007). Consequently, habits
may limit the predictive power of intentions in IS usage and continuance. Verplanken (2006) defined
habit as behavior automaticity in stable contexts. Unlike most habit-behavior studies in organizational
contexts, social networks are not stable contexts. Social networks are dynamic contexts (McDonald,
2007). Because on social networks there is a variability in terms of information being shared, users’
network characteristics, and network sizes, re-sharing behavior is not derived automatically from
learning and it requires aware cognitive behavior. Future research could extend the effect of habit on
information re-sharing behavior by conducting longitudinal experiments.

CONCLUSION
This study serves as an initial attempt to investigate the information re-sharing on social network
sites. Informed by the informing science framework and grounded in the theory of planned behavior
and information sharing literature, the research models presented here delineate the effects of perceived information quality and perceived reputation risk on a user’s attitude to use SNSs and re-share
information on SNSs. Findings of this research suggest that perceived information quality influences
both attitude toward using SNSs and intention to re-share information. However, risk-taking propensity only influences the attitude toward using SNSs. Findings demonstrate that when SNS users perceive higher risks to their reputation they may have less attitude to use them.
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APPENDICES
Appendix A. Breakdown of invalid and incomplete responses
Reason of deletion
Incomplete responses
Responses indicating that the respondent does not use any of SNSs
Responses with very short response time (an average response time of less
than 3 minutes deemed insufficient to adequately respond to survey questions)
Total deleted

Number of
deleted responses
40
27
10
77
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Appendix B. Measurement items and factor loadings
No.

Measurement Item

Item

ATT

ENJ

INT

REL

RELI

RIS

References

1

It is a good idea to use SNSs.

ATT1

0.87

0.49

0.54

0.37

0.30

0.21

Using a SNS is a wise move.
ATT2
0.90
I have an extremely positive
3
ATT3
0.89
attitude toward using SNSs.
4
Using SNSs is a positive step. ATT4
0.91
It is favorable for me to use
5
ATT5
0.86
SNSs.
The information includes
6
ENJ1
0.60
lots of fun.
The information is very en7
ENJ2
0.57
joyable.
The information I see is en8
ENJ3
0.47
tertaining.
I am willing to re-share im9
INT1
0.56
ages I see posted on SNSs
I am willing to re-share vide10
INT2
0.54
os I see posted on SNS.
I am willing to re-share news
11
INT3
0.49
I see posted on SNS.
I am willing to re-share in12 formation I see posted on
INT4
0.54
SNSs.
I am willing to re-share
13
INT5
0.56
events I see posted on SNSs.
This information is relevant
14
REL1
0.50
to my goals on SNS.
This information is appro15
REL2
0.49
priate for my goals on SNS.
This information is applica16
REL3
0.49
ble to my goal on SNS.
The information shared on
17
RELI1 0.42
SNS is reliable.
The information shared on
18
RELI3 0.39
SNS is dependable.
The information shared on
19
RELI3 0.38
SNS can be relied upon.
I have a propensity to take
20
RIP1
0.21
associated risks.
I have a positive view of
21
RIP2
0.25
risk-taking decisions.
I feel it is necessary to take
22
RIP3
0.25
risks for successful results.
Note. Shaded values represent inter-item loadings.

0.54

0.54

0.46

0.37

0.30

(Bhattacherjee &
Premkumar,
2004)

0.61

0.52

0.50

0.46

0.23

0.56

0.48

0.47

0.42

0.24

0.57

0.56

0.46

0.36

0.25

0.88

0.52

0.49

0.41

0.29

0.91

0.49

0.48

0.39

0.33

0.83

0.37

0.51

0.40

0.20

0.52

0.93

0.40

0.32

0.29

0.50

0.91

0.38

0.33

0.27

0.45

0.89

0.30

0.25

0.28

0.47

0.93

0.40

0.32

0.31

0.47

0.87

0.42

0.35

0.25

0.54

0.41

0.96

0.50

0.20

0.55

0.40

0.97

0.53

0.16

0.54

0.42

0.97

0.53

0.19

0.44

0.37

0.49

0.92

0.22

0.42

0.30

0.47

0.93

0.18

0.40

0.28

0.53

0.92

0.19

0.28

0.21

0.15

0.16

0.79

0.28

0.26

0.17

0.20

0.90

0.26

0.30

0.17

0.19

0.87

2
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