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ABSTRACT  
Aim/Purpose This paper argues that while academic informing failures have traditionally been 

understood as either concealment or confusion, Generative AI (GenAI) design 
has introduced a third mode – one that current detection tools, integrity poli-
cies, and legal frameworks may be ill-suited to address. 

Background Generative AI destabilizes this concealment–confusion binary by enabling stu-
dents to retain accurate knowledge of cognitive delegation while maintaining a 
morally acceptable self-understanding as authors. Disclosure consequently be-
comes a threat to identity rather than merely an obligation, creating a structural 
barrier to accurate client–agent informing. 

Methodology The study synthesizes informing science, cognitive psychology (knowing self-
deception, epistemic layering), and legal doctrine (foreseeability, due process) to 
diagnose how GenAI design disrupts the informing chain and to derive norma-
tive implications for developers, institutions, and regulators. 

Contribution This paper (1) identifies knowing self-deception as the mechanism that inverts 
the informing relationship; (2) shows how three AI design affordances external-
ize and stabilize this mechanism; (3) advances five falsifiable propositions for 
restoring informing integrity; and (4) argues that these effects are arguably fore-
seeable, which – if sustained – would ground design-level responsibility and 
highlight apparent structural gaps in existing regulatory frameworks. 

Findings Artificial integrity is theorized as a structurally durable informing failure sus-
tained through epistemic layering, scaffolded by AI design, and reinforced by 
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institutional ambiguity. Interventions underperform because they focus on com-
pliance rather than on repairing the informing channel. A legally adequate re-
sponse requires recognizing the client’s right to accurate information about cog-
nitive labor, distributing responsibility across students, institutions, and devel-
opers, and redesigning systems to collapse rationalization space. 

Recommendations  
for Practitioners 

Implement transparency requirements (process logs, contribution statements) 
that make the informing act unavoidable, and process-focused assessment (draft 
histories, oral defenses) that shifts the client-agent interaction from outcome 
evaluation to process verification. 

Recommendations  
for Researchers  

Test the five falsifiable propositions. Examine how different institutional de-
signs affect the stability of the informing relationship, and how courts and regu-
lators respond to evidentiary gaps in the client-agent chain. 

Impact on Society Reframes AI misconduct as a system-design problem that undermines the fun-
damental informing contract between learners and credentialing bodies. Opens 
avenues for regulatory accountability beyond individual discipline, with implica-
tions for professional and civic contexts in which accurate accounts of cognitive 
labor are consequential. 

Future Research Comparative effectiveness of transparency versus detection interventions; meta-
cognitive training conditions that restore accurate self-informing; judicial and 
regulatory responses to informing failures; extension of knowing self-deception 
to other AI-mediated domains. 

Keywords artificial integrity; knowing self-deception; informing failure; epistemic layering; 
developer responsibility; academic integrity law; GenAI; informing science 

INTRODUCTION 
Informing science frames education as a system in which clients – institutions, professions, and soci-
ety at large – depend on agents to perform intellectual labor and accurately report its origins (Cohen, 
1999, 2009; Gill et al., 2018). This client-agent relationship is the epistemological foundation of cre-
dentialing: when the informing chain functions properly, clients receive accurate signals about what 
cognitive work was done, by whom, and to what standard. Academic integrity frameworks have long 
served as the mechanism for maintaining this chain, resting on a binary assumption that breakdowns 
occur either through willful misinforming or informational deficit – a binary that generative AI 
(GenAI) has made obsolete. This paper establishes this claim through three behavioral anomalies 
that neither existing framework can explain. 

The condition this paper examines – artificial integrity – is one in which students retain accessible 
knowledge that AI has performed substantial intellectual work, yet sustain a morally acceptable self-
understanding as authors (Espartinez, 2026a). Such students are neither concealing nor confused; 
they have become unreliable informants to themselves and, consequently, to every client that de-
pends on their honest accounts. This is a structural failure of the informing system, one with cogni-
tive, institutional, and legal dimensions. The paper asks how GenAI design may systematically pro-
duce this failure, and what responsibilities it imposes on the developers, institutions, and regulators 
that constitute the broader informing infrastructure of higher education. 

The paper advances a specific applied psychology account of why this informing failure is so endur-
ing. The core mechanism is knowing self-deception: a stable cognitive state in which contradictory 
knowledge is neither eliminated nor suppressed but managed through motivated moral reinterpreta-
tion. GenAI does not merely enable such self-deception; it stabilizes and externalizes it through three 
design affordances – anthropomorphic interaction, process invisibility, and originality illusions – that 
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embed rationalization directly into the tool, making accurate informing psychologically costly to sus-
tain. The informing science tradition holds that informing quality depends not only on agents’ inten-
tions but also on the cognitive, institutional, and technological conditions in which informing occurs 
(Cohen, 1999, 2009; Nahl & Bilal, 2007). This paper applies that insight to show that the degradation 
described here is consistent with, and arguably a foreseeable consequence of, deliberate design 
choices. This study, therefore, extends beyond diagnosis to a normative claim: that developers who 
deploy systems whose affordances foreseeably compromise the client-agent informing relationship in 
educational settings may bear responsibility for those effects, and that current regulatory frameworks 
appear structurally unprepared to assign it. 

This paper is one of two companion works that develop the artificial integrity framework. The earlier 
study (Espartinez, 2026a) examines the sociological architecture: how the informing relationship is 
performed, narratively constructed, and co-produced within institutional ecologies. The present pa-
per specifies the internal cognitive mechanism that makes inaccurate self-informing psychologically 
sustainable and examines how legal frameworks respond to design choices that render this failure 
structurally durable. 

The paper proceeds as follows. It first argues that current detection and policy frameworks misdiag-
nose the informing failure they seek to address – targeting concealment or confusion. At the same 
time, the actual mechanism is managed contradiction, evidenced by three empirical anomalies: stu-
dents who endorse integrity norms yet use AI without disclosure (integrity-behavior paradox), sys-
tematic variation in disclosure across contexts that reflects identity management rather than under-
standing (disclosure variance paradox), and persistent avoidance of declaration requirements despite 
policy awareness (declaration avoidance paradox). It then develops the theoretical framework and ad-
vances five falsifiable propositions to distinguish artificial integrity from competing accounts and test 
targeted interventions. Finally, it examines the legal, regulatory, and design implications: developer 
responsibility grounded in foreseeability, the categorical inadequacy of current regulatory frame-
works, institutional accountability for ambiguity that sustains known informing failures, and the de-
sign interventions most likely to collapse rationalization space. 

WHY CURRENT FRAMEWORKS FAIL: THE EMPIRICAL CASE FOR 
MISDIAGNOSIS  
Current institutional responses to AI-related academic misconduct rest on a systematic misdiagnosis 
of the informing failure they seek to address. Detection technologies and policy interventions presup-
pose that the informing chain breaks because agents either misunderstand what accurate informing 
requires (informational deficit) or deliberately withhold accurate information (willful misinform-
ing)(Bretag, 2016; Dawson, 2021). A growing body of empirical evidence challenges both assump-
tions and points toward a third, distinct failure mode that neither framework can address (Espartinez, 
2026a). 

Detection-based approaches fail on two levels. Technically, AI detection tools remain unreliable, with 
modest accuracy and significant false positives, preventing institutions from trusting the tools’ re-
ports (Weber-Wulff et al., 2023). Psychologically, the approach assumes that the risk of being caught 
primarily deters misconduct. Behavioral ethics research directly challenges this: dishonest behavior is 
often constrained less by the probability of detection than by the need to maintain a positive self-
concept (Bandura, 1999). Where behavior is governed by self-understanding, intensifying detection 
does not compel accurate informing; it compounds the mechanisms that already make it difficult. 

Policy clarification performs no better. Awareness of academic integrity rules correlates only weakly 
with compliance (Alsharefeen & Al Sayari, 2025; Dawson, 2021): students who accurately know the 
policies and can identify violations in others’ work still engage in undisclosed AI use. The informing 
failure is not a deficit in the agent’s knowledge. More damaging, clearer policy language may provide 
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additional vocabulary for rationalization rather than constrain it: the agent reinterprets new policy 
terms as resources for self-justification rather than constraints on behavior (Espartinez, 2025, 2026b).  

Mandatory disclosure requirements expose the same pattern. Students consistently underreport AI 
use despite understanding what disclosure requires (Gonsalves, 2025; Resnik & Hosseini, 2026). The 
failure is not one of capacity – agents know what to report – but of willingness: disclosure makes the 
extent of AI involvement explicit, constraining the ambiguity that informal justifications depend on. 
Students withhold information not because they misunderstand the requirement but because meeting 
it would destabilize the self-understanding they are motivated to preserve. 

The sharpest evidence of misdiagnosis lies in the values-behavior gap. Students who strongly endorse 
academic integrity norms nonetheless report substantial undisclosed AI use (Cotton et al., 2024; Ru-
dolph et al., 2023) – not because they reject institutional values, but because they simultaneously up-
hold those values while also engaging in non-disclosure. Survey data confirm this selective self-
presentation: students systematically underreport their own AI use relative to their estimates of peers’ 
use (Espartinez, 2026a), a pattern shaped by identity management rather than accuracy. Integrity be-
liefs, further, do not reliably predict disclosure behavior (Bao & Zeng, 2026; Bobier et al., 2025), con-
firming that the informing failure operates independently of the agent’s stated commitments. 

These patterns converge on a single point: agents possess the knowledge required for accurate in-
forming, yet do not act on it. The breakdown is not at the point of knowledge they know, nor at the 
point of deliberate concealment; they do not privately acknowledge wrongdoing. It occurs where knowledge 
must be integrated into a self-understanding capable of sustaining truthful informing. Neither the 
confusion nor the concealment frameworks can identify that failure, because neither recognizes it as 
a failure mode. 

THE THEORETICAL GAP 
Existing frameworks account for parts of this picture but not its full shape. Each captures a recog-
nizable element of AI-assisted misconduct while leaving the defining feature – the stable coexistence 
of contradictory knowledge – unaddressed. I propose artificial integrity as a conceptual framework 
that explains what these accounts cannot jointly account for: how agents retain accurate knowledge 
of their own cognitive delegation while sustaining a morally acceptable self-understanding, and why 
this condition proves durable across time and institutional contexts. 

Moral disengagement theory (Bandura, 2018) and rationalization accounts (Tsang, 2002) both iden-
tify mechanisms – euphemistic relabeling, diffusion of responsibility, post hoc justification – that are 
visible when students describe AI use as “collaboration” or attribute authorship to prompting skill. 
Their explanatory purchase is real but partial: both assume wrongdoing is first recognized and then 
reframed. The evidence here suggests justificatory narratives are constructed in ways that pre-empt 
recognition altogether, operating at the level of self-understanding before the informing obligation is 
ever constituted. 

Motivated reasoning (Kunda, 1990) captures how goal-directed cognition selectively processes evi-
dence to reach desired conclusions. It explains why students who want to believe their work is legiti-
mate find reasons to do so. What it does not explain is the persistence of contradictory knowledge 
alongside the motivated conclusion – the anxiety, the calibrated disclosure, the avoidance of specific-
ity – which are precisely the behaviors inconsistent with successful motivated belief revision. Where 
motivated reasoning resolves the tension, artificial integrity sustains it. 

Impression management theory (Goffman, 1959; Leary & Kowalski, 1990) accounts for audience-
calibrated behavior – why students disclose to lenient instructors and conceal from strict ones. It cor-
rectly identifies the social dimension of disclosure as performance. Its limitation is that it treats this as 
purely strategic surface behavior, leaving the internal cognitive structure – the simultaneous mainte-
nance of contradictory knowledge – theoretically unaddressed. Impression management explains the 
performance; it does not explain what the performer knows backstage. 
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Cognitive dissonance theory (Festinger, 1957) predicts pressure toward the resolution of conflicting 
beliefs, but here the tension persists stably over time – a persistence that is itself the informing fail-
ure. Self-concept maintenance theory (Bandura, 1999) fits better. Still, it is typically applied to mar-
ginal deviations. It does not account for the scale and durability of AI-assisted substitution, nor for 
the technological environment’s role in externalizing and stabilizing the rationalization process. To-
gether, these frameworks approach, but do not reach, the mechanism proposed in this paper. 

Three questions remain unanswered across all these frameworks: how individuals maintain access to 
contradictory knowledge without resolving it; why AI-mediated environments stabilize this condition 
more effectively than prior contexts; and why detection- and clarification-based interventions con-
sistently fail to restore the informing relationship. Artificial integrity addresses all three by locating 
the mechanism in how contradictory knowledge is managed at the level of self-understanding, and 
how that management is structurally supported by AI design. 

THEORETICAL FRAMEWORK:  ARTIFICIAL INTEGRITY AS 
KNOWING SELF-DECEPTION – A PROPOSED ACCOUNT 
This section develops the theoretical core: the cognitive mechanism that makes artificial integrity psy-
chologically sustainable, and the design features that make it structurally durable. 

THE CORE DYNAMIC: EPISTEMIC LAYERING 
Artificial integrity is best understood as a form of knowing self-deception sustained through epis-
temic layering (Butterworth et al., 2022; Mele, 2000). Disfavored knowledge remains dispositionally 
accessible but is overridden by motivated moral reinterpretation, fundamentally disrupting the agent’s 
capacity to serve as a reliable informant to both self and client. “Knowing” here does not imply con-
tinuous conscious awareness or explicit acknowledgment of wrongdoing; it refers to the continued 
accessibility of contradictory knowledge, evidenced by strategic behavior that anticipates potential 
challenge. This distinguishes artificial integrity from both concealment and confusion. 

The distinction from concealment requires a precise statement, as the two conditions can appear su-
perficially similar. In concealment-based misconduct, the agent privately acknowledges wrongdoing 
(the self-understanding is already settled), and the informing failure is a deliberate act of withholding 
(Grigoryeva, 2024). The agent performs the cognitive work against a stable private acknowledgment; 
the agent knows – yet decides not to disclose – and manages that decision. In artificial integrity, no 
such settled acknowledgment exists. Institutional ambiguity, the conversational design of the AI in-
terface, and the availability of culturally legitimated scripts – “collaboration,” “curation,” “prompt en-
gineering” – perform the epistemic work that would otherwise require deliberate internal suppression 
(Butterworth et al., 2022; Mele, 2000). The student does not experience a private acknowledgment of 
wrongdoing that they then conceal; they experience a self-understanding in which the wrongdoing 
has not yet been established as such. What concealment hides, artificial integrity has not yet formed. 
This parallels Tenbrunsel and Messick’s (2004) account of ethical fading, in which moral dimensions 
become progressively less salient through reframing. In artificial integrity, however, the fading is not 
a gradual erosion but a structurally maintained condition, actively sustained by the design of the sys-
tems through which work is produced. 

This structural difference generates a testable behavioral signature. A student engaged in concealment 
should exhibit consistent strategic behavior across contexts, as the private acknowledgment remains 
stable regardless of the audience (Grigoryeva, 2024). A student in artificial integrity should show con-
text-sensitive variation, with self-understanding destabilizing precisely when forced articulation – a 
declaration form, a post-submission interview, a prompt history request – makes the contradiction 
harder to manage (Aquino & Reed, 2002). Disclosure tracks identity threat rather than enforcement 
severity: highest in anonymous contexts, lowest where explicit specification of cognitive contribution 
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is required. This pattern – audience-calibrated disclosure, avoidance of specificity, persistent anxiety 
despite asserted appropriateness – is consistent with managed contradiction.  

In confusion-based cases, by contrast, the failure is an informational deficit: the agent lacks the un-
derstanding required for accurate informing, and the distinction is not merely taxonomic but diag-
nostic: it determines what kind of intervention could plausibly restore the informing relationship. 
The framework does not require that students experience themselves as dishonest; rather, it holds 
that contradictory knowledge becomes salient under conditions of threat, evaluation, or forced artic-
ulation. Behavioral indicators (strategic disclosure, avoidance of process transparency, detection anxi-
ety, defensive justification) are consistent with managed contradiction (Bandura, 1999; Espartinez, 
2026a).  

The diagnostic implication is direct: if misconduct is neither concealment nor confusion, interven-
tions based on detection or clarification do not merely underperform. They target the wrong mecha-
nism, attempting to compel accurate informing from an agent whose capacity for accurate self-in-
forming has been structurally compromised. 

HOW GENAI STABILIZES KNOWING SELF-DECEPTION AS INFORMING 
INFRASTRUCTURE 
GenAI did not invent rationalization; students have long reinterpreted their behavior to maintain a 
sense of integrity when collaboration rules are ambiguous (Amigud & Hosseini, 2024; Bretag, 2016). 
What distinguishes artificial integrity is that AI systems externalize and automate this process: ration-
alization is no longer a difficult internal struggle but a seamless, always-available feature built into the 
technology. This may alter both how students understand their own work and how they present it to 
instructors. 

This argument does not treat AI assistance as inherently epistemically degrading. The conditions the-
orized here are specific: they arise when AI design embeds rationalization resources that make accu-
rate self-informing psychologically costly to sustain. AI assistance that makes cognitive contribution 
explicit and traceable (through visible reasoning trails, attributable process steps, or transparent col-
laboration records) does not activate these mechanisms. The problem is not AI use but the specific 
affordance configurations that scaffold the managed coexistence of contradictory knowledge. If 
those configurations are absent, the informing relationship remains intact. 

Three design affordances are theorized to underlie this effect. 

Anthropomorphic interaction 
• Informing function: Conversational interfaces enable users to frame AI use as collaboration, 

supporting narratives of co-authorship rather than substitution (Espartinez, 2026a). This 
framing shapes self-informing directly: the agent comes to understand themselves as a col-
laborator rather than a delegator, rendering the AI’s role less accessible to conscious self-ac-
counting. 

• Design origin: Systems are deliberately optimized for conversational fluency and simulated per-
sonhood, embedding assumptions about agency and authorship into the interaction design. 

• Legal implications: The effects of anthropomorphic framing on self-informing have been em-
pirically documented since early deployment. Developers targeting educational contexts can 
be understood as operating with constructive notice that such interfaces facilitate collabora-
tion narratives that compromise accurate informing. Under foreseeability-based reasoning, 
the relevant question is not intent but whether these informing effects were reasonably fore-
seeable. 
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Process invisibility 
• Informing function: Architectural opacity claims that the AI contribution cannot be precisely 

specified, sustaining ambiguity about authorship. The agent can truthfully claim – even to 
themselves – that they cannot determine what AI contributed, converting an informing fail-
ure into an epistemological excuse.  

• Design origin: Generative systems are architecturally opaque, providing outputs without trans-
parent accounts of intermediate reasoning (Zerilli et al., 2019). This opacity is not incidental 
but structural to current architectures. 

• Legal implication: The same opacity that supports rationalization produces institutional eviden-
tiary limits. Detection systems yield probabilistic outputs, complicating disciplinary processes 
that require adequate evidentiary grounds. The affordance, therefore, compromises inform-
ing integrity at two levels simultaneously: the cognitive (shaping self-informing) and the insti-
tutional (shaping the client’s capacity to verify it). 

Originality illusions 
• Informing function: Fluent, novel outputs support the claim that work is “not plagiarism,” even 

where cognitive labor has been substantially delegated (Espartinez, 2026a). This illusion op-
erates directly on the agent’s self-informing: the output’s apparent originality makes it diffi-
cult for the agent to recognize that their own intellectual contribution was minimal, as the 
work’s surface features resemble those of original authorship. 

• Design origin: Models are explicitly optimized for coherence, fluency, and apparent originality, 
with these features treated as quality metrics. 

• Legal implication: Academic integrity frameworks are largely structured around textual misap-
propriation. AI-generated content does not map onto this category, creating a gap between 
recognized plagiarism doctrine and AI-mediated cognitive delegation. From an informing 
perspective, the client lacks the conceptual vocabulary to name the failure that has occurred 
– a predictable consequence of optimizing outputs to evade existing detection paradigms. 

These three affordances operate as a mutually reinforcing system. Anthropomorphic interaction sup-
plies a collaborative narrative. Process invisibility shields that narrative from specification. Originality 
illusions provide a rule-compliant surface justification. Jointly, they relocate rationalization from an 
internal cognitive effort – susceptible to self-correction – to an external, continuously available re-
source that is theorized to systematically degrade the agent’s capacity for accurate self-informing. The 
informing relationship is not merely strained; it is structurally inverted. 

THE SELF-REINFORCING DYNAMIC: WHEN INFORMING FAILURE 
BECOMES ENTRENCHED 
Artificial integrity is not static. The mechanism is motivated reasoning under reduced resistance: each 
instance in which AI-assisted work is framed as acceptable, submitted, and validated functions as evi-
dence supporting the rationalization. These episodes accumulate into an evidentiary history – the in-
terpretation has been tested, accepted, and not challenged – which becomes part of the epistemic 
structure sustaining the self-deception (Tenbrunsel & Messick, 2004). Each client acceptance rein-
forces the narrative and progressively makes it harder for the agent to access the contradictory 
knowledge that would require revising it. 

Identity processes amplify this effect. As AI-assisted work is repeatedly incorporated into successful 
academic performance, it becomes integrated into the student’s self-concept as an author 
(Espartinez, 2026a). Challenges to the behavior are then experienced not as corrections to informing 
but as threats to identity, prompting defensive justification rather than revision. The agent’s capacity 
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to inform accurately about their cognitive labor has not merely been compromised; it has been func-
tionally reorganized. 

Figure 1 presents artificial integrity as a self-reinforcing system, illustrating how epistemic layering in-
teracts with AI design affordances and institutional conditions to degrade the informing relationship 
over time.  

 
Figure 1. Artificial integrity as a self-reinforcing system 

FRAMEWORK IN ACTION:  RESOLVING THREE EMPIRICAL     
PUZZLES AS INFORMING FAILURES 
Three behavioral patterns associated with AI-assisted academic work have resisted unified explana-
tion: students who endorse integrity values yet engage in undisclosed AI use; students who vary dis-
closure by audience; and students who avoid mandatory declaration despite understanding the re-
quirement. Existing integrity measures underperform not because they are poorly implemented, but 
because they were designed for a failure mode – concealment or confusion – that artificial integrity is 
not. Concealment and confusion treat these as separate problems, whereas artificial integrity sees a 
single mechanism. Artificial integrity accounts for them as different manifestations of a single in-
forming failure: the managed coexistence of contradictory knowledge that renders the agent an unre-
liable informant to both self and client. 

THE INTEGRITY–BEHAVIOR PARADOX:  WHEN THE AGENT’S INFORMING 
TO SELF BECOMES UNRELIABLE 
Students who strongly endorse academic integrity values nonetheless engage in extensive undisclosed 
use of AI (Bozkurt et al., 2020; Kirsanov et al., 2025). From an informing perspective, this pattern 
reveals a fundamental disconnect between two levels of informing: the agent’s professed commit-
ments to the client (expressed through value endorsement) and the agent’s actual informing about 
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cognitive labor (expressed through disclosure behavior). Traditional models predict that moral com-
mitment constrains behavior and supports accurate informing; here, it does not. Confusion is also 
insufficient: students demonstrate accurate knowledge of policies and can identify violations in oth-
ers’ work, indicating that they possess the information necessary for accurate informing. 

Artificial integrity accounts for this pattern through motivated moral reinterpretation (the mechanism 
detailed in the preceding section), by which students reclassify AI-assisted activity into acceptable cat-
egories such as “collaboration,” “assistance,” or “curation,” so that self-informing filters out contra-
dictory information rather than eliminating it. The integrity–behavior link is not broken; it is redi-
rected through self-informing. The agent genuinely believes they are acting in accordance with their 
values because their self-informing has been structured to exclude the contradiction. 

That contradictory knowledge remains accessible is revealed by strategic disclosure – concealing AI 
use in high-stakes contexts while revealing it in low-risk ones – and by detection anxiety despite as-
serted appropriateness. These responses are inconsistent with genuine belief but consistent with 
managed contradiction. 

THE DISCLOSURE VARIANCE PARADOX: WHEN INFORMING TRACKS 
IDENTITY THREAT RATHER THAN ACCURACY 
Students systematically vary their disclosure of AI use depending on the audience (Espartinez, 2025; 
Tang, 2025). The information about what actually occurred does not change; what changes is the per-
ceived cost of transmitting it. 

If AI use were genuinely appropriate in the student’s self-understanding, concealment would be un-
necessary. If it were clearly inappropriate and privately acknowledged, one would expect either con-
sistent concealment or consistent disclosure with acknowledgment – neither is observed. Disclosure 
decisions track perceived threats to identity: disclosure is more likely when it can be incorporated 
into a validated narrative (“acceptable collaboration”) and less likely when it risks exposing the limits 
of that narrative.  

The agent’s capacity to vary disclosure strategically confirms that the relevant information is accessi-
ble when they choose to provide it. The failure is not one of availability – they know what they did –   
but of willingness to transmit it when doing so would destabilize self-understanding.  

THE DECLARATION AVOIDANCE PARADOX: WHEN FORCED SPECIFICITY 
DESTABILIZES SELF-INFORMING 
Students frequently avoid mandatory AI-use declarations despite understanding the requirement and 
often asserting that their use was appropriate (Bao & Zeng, 2026). This is not confusion or oversight; 
they comply with other administrative requirements without difficulty.  

Artificial integrity accounts for this avoidance as a response to forced specificity. Informal rationali-
zations depend on ambiguity. Phrases such as “assistance” or “collaboration” allow flexible interpre-
tation. Formal declarations require explicit articulation (e.g., who performed which cognitive tasks) 
that exposes the inadequacy of those rationalizations. Students could provide detailed accounts of AI 
involvement; they avoid doing so because such accounts would collapse the interpretive framework 
sustaining their sense of integrity. When the client demands specificity – requiring the agent to move 
from “collaboration” to “I generated the thesis with AI and then rewrote it” – the ambiguity that sus-
tained self-informing dissolves.  

UNIFIED EXPLANATION AND ALTERNATIVE ACCOUNTS: INFORMING 
FAILURE AS A COMMON MECHANISM 
Alternative explanations are possible: situational uncertainty may contribute to disclosure variability; 
social desirability concerns may motivate impression management; context-dependent belief activa-
tion may produce shifting justifications without requiring simultaneous contradictory awareness. 
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Each captures part of the phenomenon. None accounts for all three patterns simultaneously – partic-
ularly the combination of strategic variation, specificity avoidance, and sensitivity to potential chal-
lenge. Artificial integrity offers a more unified account by locating the mechanism in the management 
of contradiction rather than its absence or concealment. This does not conclusively establish know-
ing self-deception as the operative mechanism; it identifies it as the most coherent explanatory frame-
work given the available evidence. The propositions below specify conditions under which the ac-
count can be tested and potentially falsified.  

TESTABLE PROPOSITIONS: DISTINGUISHING ARTIFICIAL 
INTEGRITY FROM CONFUSION AND CONCEALMENT 
The propositions advanced here are theoretical and diagnostic. Their truth value is an empirical ques-
tion; the conceptual analysis establishes their plausibility and specifies the conditions under which 
they could be tested or refuted. The companion article develops five propositions concerning the so-
ciological architecture of artificial integrity (Espartinez, 2026a); the following five address its internal 
cognitive mechanism, organized around a central distinction: confusion-based failures occur when 
the agent lacks information (remedy: provision); concealment-based failures occur when the agent 
withholds information (remedy: deterrence); artificial integrity involves a third type in which the 
agent possesses information but the organization of self-understanding compromises self-informing 
(remedy: restructuring the conditions under which self-informing occurs). Table 1 defines the four 
constructs whose boundaries the framework must maintain – distinguished by cognitive structure, 
relationship to contradictory knowledge, and behavioral signature – before the propositions are 
stated. 

Table 1. Construct definitions and boundaries 

Construct Cognitive structure Relationship to con-
tradictory knowledge Behavioral signature 

Concealment 
Agent privately 
acknowledges 
wrongdoing 

Knowledge is present 
and stable; withheld 
deliberately 

Consistent strategic 
behavior across contexts, 
regardless of audience 

Rationalization 

Agent constructs a 
post hoc justification 
for recognized 
wrongdoing 

Knowledge precedes 
and motivates the 
justification 

Justification deployed 
after the act; varies with 
social pressure 

Identity protection Agent manages self-
concept under threat 

Knowledge is 
accessible but 
experienced as 
destabilizing 

Defensive escalation 
when challenged; 
narrative elaboration 
under scrutiny 

Knowing self-
deception 
(artificial integrity) 

Agent maintains 
contradictory 
knowledge without 
resolving it 

Knowledge is retained 
and accessible but 
overridden by 
motivated 
reinterpretation 

Context-sensitive 
variation; destabilization 
under forced articulation; 
anxiety despite asserted 
appropriateness 

Note: These constructs are theoretically adjacent and may co-occur empirically. The boundaries drawn here re-
flect structural differences in cognitive mechanisms rather than mutually exclusive behavioral categories. 

The following propositions represent theoretically derived expectations rather than empirically con-
firmed relationships and are offered as a basis for future testing. Each states the conditions under 
which the artificial integrity account would be disconfirmed and an alternative explanation favored. 
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P1: MOTIVATED AMBIGUITY EXPLOITATION 
Artificial integrity predicts that policy ambiguity facilitates undisclosed AI use by providing rationali-
zation space. Students under moderately ambiguous policies should exhibit higher rates of undis-
closed AI use than those under highly explicit or absent policies – and, critically, should demonstrate 
accurate policy understanding when evaluating others’ behavior while selectively invoking ambiguity 
in self-justification.  

P2: DISCLOSURE TRACKS IDENTITY THREAT, NOT DETECTION RISK 
If artificial integrity operates through identity management rather than deterrence, disclosure should 
vary with perceived threat to self-concept rather than enforcement severity: highest in anonymous 
contexts, moderate with non-evaluative audiences, lower with evaluative instructors, lowest in com-
petitive peer contexts. Disclosure that tracks enforcement intensity rather than audience identity risk 
would support deterrence-based accounts; disclosure that tracks identity threat independently of en-
forcement severity would support the artificial integrity account. 

P3: PROCESS TRANSPARENCY OUTPERFORMS DETECTION 
Transparency interventions – draft histories, reasoning logs, contribution statements – should reduce 
undisclosed AI use more effectively and durably than detection technologies or mandatory declara-
tions, because they disrupt rationalization by requiring specification of cognitive contribution, making 
euphemistic categories less sustainable. Detection-based interventions are expected to produce short-
term behavioral adjustments in response to enforcement presence, without altering underlying ration-
alization. If detection consistently outperforms transparency in sustained compliance, this would 
challenge the artificial integrity account and suggest that the failure is primarily due to concealment. 

P4: METACOGNITIVE AWARENESS OUTPERFORMS POLICY INFORMATION 
If artificial integrity reflects rationalization deployment rather than informational deficit, training that 
helps students recognize how ambiguity, euphemistic relabeling, and identity threat shape their rea-
soning should outperform rule-based instruction. A confusion-based account predicts the opposite: 
that policy clarification produces equivalent or superior compliance. If metacognitive training pro-
duces superior outcomes, this supports the claim that the failure lies not in what the agent knows but 
in how self-informing is organized to manage what is known. 

P5: LATE-STAGE INTERVENTION REQUIRES FACE-SAVING PATHWAYS 
Artificial integrity predicts that repeated validation of rationalizations produces identity commitment 
effects that increase resistance to direct confrontation over time. Students with extensive histories of 
undisclosed AI use should respond to detection or accusation with intensified justification rather 
than behavioral change. Interventions offering face-saving pathways – allowing reinterpretation of 
past behavior without requiring explicit admission of wrongdoing – should reduce resistance by low-
ering the identity cost of revising self-understanding. If direct confrontation consistently produces 
compliance without defensive escalation, this would falsify the artificial integrity account and support 
a concealment-based explanation. 

LEGAL, REGULATORY, AND DESIGN IMPLICATIONS 
Artificial integrity cannot be treated solely as a problem of student conduct. Its causes and conse-
quences are distributed across developers, institutions, and regulatory frameworks – each of which 
participates in the informing infrastructure that shapes whether agents can inform accurately about 
their cognitive labor. The breakdown in the client–agent relationship between students and institu-
tions is not a failure of individual compliance but a failure of informing infrastructure, and restoring 
it requires redesigning that infrastructure at every level.  
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DEVELOPER RESPONSIBILITY: FROM FORESEEABLE HARM TO DESIGN 
ETHICS 
The affordances that scaffold artificial integrity – anthropomorphic interaction, process invisibility, 
and originality illusions – are the result of deliberate design choices: conversational interfaces opti-
mized for simulated personhood, architecturally opaque inference processes, and training objectives 
that prioritize fluent, novel output.  

The question is not whether these features were intended to facilitate misconduct, but whether their 
downstream effects on informing integrity were reasonably foreseeable. Product liability reasoning 
provides the relevant normative framework. Under the Restatement (Third) of Torts: Products Lia-
bility, designers may be held responsible for harms arising from foreseeable uses of their products 
even if unintended. The argument here is not that existing doctrine straightforwardly applies to 
GenAI; rather, that its underlying logic, foreseeability as a basis for responsibility, offers a conceptu-
ally appropriate foundation for extension to informing infrastructure. 

Constructive notice was established no later than 2023, when the first empirical wave documented 
how conversational interfaces scaffold collaboration narratives and how AI-generated outputs com-
plicate attribution of intellectual labor. Developers deploying systems in educational contexts after 
that date operate with knowledge, or at a minimum constructive notice, that these features enable ra-
tionalization architectures that systematically degrade the integrity of information. Three questions 
follow that the law-ethics-technology literature can no longer defer: whether existing product liability 
frameworks extend to AI systems whose features foreseeably scaffold psychological conditions that 
compromise informing integrity; what design modifications discharge the duty of care – transparency 
tools, de-anthropomorphized interfaces, output provenance markers, pre-deployment integrity im-
pact assessments; and whether educational AI systems should require informing integrity impact as-
sessments as a condition of deployment, analogous to GDPR-mandated data protection impact as-
sessments (Intersoft Consulting, n.d.). This analysis aligns with the EU AI Act (Smuha, 2025), which 
classifies AI systems used in educational and vocational training contexts as high-risk under Annex 
III, triggering mandatory conformity assessments, transparency obligations, and human oversight re-
quirements. The rationalization affordances identified in this paper are precisely the design-level in-
forming risks that a conformity assessment framework ought to capture. Developers who deploy in 
educational markets without assessing them are not merely negligent; they are building infrastructure 
that systematically undermines the conditions for accurate informing. 

REGULATORY INADEQUACY: THE BINARY THAT ARTIFICIAL INTEGRITY 
DISSOLVES 
Current academic integrity frameworks are structured around a binary that artificial integrity dis-
solves. Regulatory routines address either deliberate concealment – agents who know they have vio-
lated rules and hide it – or genuine confusion – agents who misunderstand what the rules require. Ar-
tificial integrity describes neither. Students engaging in it accurately understand institutional rules, do 
not privately experience themselves as violating them, yet retain accessible knowledge that their justi-
ficatory narratives would not survive scrutiny. No existing regulatory category captures this informing 
failure. That absence is not a technical gap waiting to be filled; it is a structural failure of regulatory 
imagination. 

The legal consequences are concrete. Detection-based enforcement presupposes concealment and 
misidentifies the target: it treats the informing failure as willful misinforming when the agent does 
not experience themselves as having information to hide. Policy clarification presupposes confusion 
and supplies vocabulary that students incorporate into rationalizations rather than constraints on be-
havior. Punitive sanctions presuppose deterrable deliberate wrongdoing and escalate defensive justifi-
cation, precisely the identity-protection response the framework predicts.  
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Goss v. Lopez (Justia U.S. Supreme Court, 1975) requires that sanctions be supported by adequate 
evidence. Where the only available evidence is probabilistic detection output, the evidentiary basis is 
not merely weak but structurally absent: a tool that identifies AI-generated text cannot identify AI-
delegated cognitive labor that has been revised out of the final submission. The student who gener-
ates a thesis with AI, rewrites it in their own prose, and submits the result has committed no textual 
act any detector can find. 

Dixon v. Alabama (1961) exposes a definitional problem that precedes any procedural one. Artificial 
integrity cannot currently be charged with the specificity that adequate notice demands. A charge of 
submitting AI-generated text is one the student can truthfully deny – the submission is not AI-gener-
ated in any detectable sense. A charge of outsourcing cognitive labor confronts a different obstacle: 
no legal framework yet defines what constitutes adequate cognitive contribution, what evidence 
would demonstrate it, or where permissible AI assistance ends and prohibited cognitive delegation 
begins. Existing disciplinary language cannot yet name the informing failure with sufficient precision 
for a meaningful response. 

Schaer v. Brandeis University (2000) adds a contractual dimension. Ambiguity in student codes does 
not merely permit rationalization; under Schaer’s contract-interpretation framework, it arguably cre-
ates enforceable interpretive latitude for the student who deploys it. AI-use provisions drafted in 
terms like “unauthorized assistance,” “responsible use,” or work that must “reflect the student’s own 
thinking” are precisely the language artificial integrity exploits. A student arguing that their under-
standing of “collaborative AI use” falls within those terms, as reasonably interpreted, would have a 
colorable claim – particularly where the institution has tacitly tolerated AI assistance in practice. Insti-
tutional ambiguity is therefore not only a normative failure; under Schaer, it is a contractual vulnera-
bility that undermines the institution’s capacity to demand accurate informing. 

A legally adequate framework would need to accomplish three things current frameworks do not: 
recognize knowing self-deception as a distinct third category of informing failure requiring different 
evidentiary standards and remedial approaches; assign responsibility not only to individual agents but 
to the institutional and technological conditions that make informing failure sustainable; and design 
remedies that collapse rationalization space through process transparency, contribution documenta-
tion, and metacognitive intervention, rather than intensifying enforcement pressure on a condition 
they misdiagnose. 

INSTITUTIONAL RESPONSIBILITY AND THE DUTY OF CARE 
The conditions under which artificial integrity stabilizes are expected to vary by institutional culture, 
assessment design, and disciplinary context – and this variation is itself theoretically informative. 
Where the process is visible, expectations are clear, and AI policies are consistently enforced, the ra-
tionalization space the framework describes contracts; alternative accounts, including genuine confu-
sion or sincere belief revision, become more plausible.  

Institutions are not neutral actors. Policies that preserve ambiguity through terms like “appropriate 
assistance,” “collaboration,” or work that must reflect “the student’s own thinking” – function as re-
sources for rationalization rather than constraints on behavior. Where such ambiguity persists despite 
evidence of its effects, institutions are not merely failing to prevent informing failure; they are actively 
supplying the conditions that sustain it. Ambiguity that predictably enables informing failure, pre-
served by institutions with the capacity to reduce it, may reasonably be characterized as institutional 
complicity in the failure they purport to address. Whether this constitutes a legally cognizable duty of 
care – to students whose learning is undermined, to employers and credential-relying parties who de-
pend on accurate accounts of cognitive labor, or to the integrity of credentialing systems more 
broadly – is a question the law-ethics-technology tradition is well placed to pursue. 

Three institutional design principles follow directly. First, consistency of enforcement matters more 
than severity: inconsistent application validates excuse construction and reinforces the plausibility of 
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self-justifying interpretations. Second, assessment design is informing infrastructure; tasks that ob-
scure the locus of thinking generate rationalization space; tasks that require visible cognitive contri-
bution constrain it. Third, process-level clarity must take priority over outcome-based evaluation, 
making cognitive contribution attributable so agents can inform accurately without destabilizing self-
understanding. Whether these obligations remain normative recommendations or harden into legal 
duties will depend on how courts and regulators respond to the evidentiary and definitional gaps this 
framework exposes – but the direction is clear. 

INTERVENTION IMPLICATIONS: COLLAPSING RATIONALIZATION SPACE 
Effective intervention requires targeting the conditions that sustain rationalization, not intensifying 
enforcement against its outcomes. Table 2 maps each AI affordance to its corresponding interven-
tion, each restoring a dimension of the informing relationship that the affordance has compromised: 
metacognitive training exposes the mechanisms of self-serving reinterpretation; transparency require-
ments make cognitive labor visible and attributable; process-focused assessment shifts the client’s in-
formation demand from “Is this original?” (which AI-generated outputs satisfy) to “How was this made?” 
(which requires accurate informing about cognitive labor).  

Table 2. Intervention mapping to AI affordances in artificial integrity 

AI affordance Proposed intervention Informing function restored 

Anthropomorphic 
Interaction 
(“Collaboration” 
narratives) 

Metacognitive Training 
(rationalization 
recognition workshops) 

Restores capacity for accurate self-informing by 
exposing how conversational interfaces scaffold 
self-serving reframing; interrupts rationalization 
at the point of construction before it stabilizes 
self-understanding. 

Process Invisibility 
(“Unmeasurable 
contribution” 
claims) 

Transparency 
Requirements (process 
logs, draft histories, 
contribution statements) 

Makes cognitive labor visible and attributable; 
removes the ambiguity agents exploit to maintain 
self-informing while providing incomplete 
information to the client. 

Originality Illusions 
(“Not plagiarism” 
defenses) 

Process-Focused 
Assessment (graded 
drafts, oral defenses, 
annotated bibliographies) 

Shifts evaluation from textual originality – which 
AI-generated outputs satisfy – to visible 
cognitive contribution, restoring the client’s 
capacity to assess actual intellectual labor. 

 
These interventions also address the evidentiary and definitional gaps identified by the legal analysis. 
Process documentation generates the cognitive-contribution records that disciplinary proceedings re-
quire under Goss and Dixon: the client gains reliable information about cognitive labor, and the 
agent can provide it through a routine process rather than forced admission. Clearer expectation-set-
ting reduces the interpretive ambiguity that, under Schaer, gives students enforceable latitude. Meta-
cognitive training functions as a disclosure intervention – reducing the gap between what students 
know and what they are willing to articulate, making voluntary transparency more likely before for-
mal proceedings become necessary. Enforcement does not become unnecessary under this model, 
but its effectiveness depends on prior infrastructure: without mechanisms that make cognitive contri-
butions observable, it will continue to target symptoms. Collapsing rationalization space is simultane-
ously a pedagogical and a regulatory strategy – one that addresses the structural condition existing 
frameworks misdiagnose rather than intensifying pressure on it. 
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CONCLUSION 
This paper has argued that artificial integrity is best understood not as concealment or confusion, but 
as a structural informing failure with cognitive, institutional, and legal dimensions. Students who en-
gage with it retain the knowledge that AI has performed substantial intellectual work, yet maintain a 
morally acceptable self-understanding as authors, neither deliberately misinforming the client nor 
lacking the information to inform accurately. Their capacity for accurate self-informing has been 
compromised by the organization of self-understanding itself. That compromise cascades into unreli-
able informing to the institutions that depend on truthful accounts of cognitive labor. The mecha-
nism – knowing self-deception sustained through epistemic layering and stabilized by design – offers 
an account not just of individual behavior but of a systematic failure of the informing infrastructure 
on which credentialing depends. 

Responsibility for that failure cannot be located solely at the level of student conduct. Developers de-
sign systems whose affordances foreseeably shape what information is accessible and how it may be 
integrated into self-understanding; to the extent those effects were foreseeable, foreseeability supplies 
a principled basis for responsibility. Institutions preserve policy ambiguity that supplies rationaliza-
tion space rather than constraining it; where that persists despite evidence of its effects, institutions 
become participants in the failure they purport to regulate. Regulatory frameworks, structured around 
a concealment-or-confusion binary, are unprepared to address a third type of informing failure – one 
in which the agent’s capacity for accurate self-informing has been structurally compromised. Recog-
nizing artificial integrity as a distinct category is therefore not a conceptual refinement but a regula-
tory necessity. 

The five propositions advanced here are not an admission of incompleteness; they are an invitation 
to empirical engagement with a framework that generates testable, falsifiable predictions. Future re-
search should examine how institutional design affects the stability of artificial integrity, whether pro-
cess-transparency interventions produce sustained improvements over detection-based approaches, 
how metacognitive training affects the capacity for accurate self-informing, and how courts and regu-
lators respond to the evidentiary and definitional gaps this framework exposes. The legal arguments 
outline a normative direction rather than a settled doctrinal position; that direction will be refined by 
how litigation and regulation develop in response to the gaps identified here. Artificial integrity is 
proposed here as a testable conceptual category within informing science, subject to revision as em-
pirical evidence accumulates. 

The central issue is not whether students are honest; it is how honesty remains cognitively and insti-
tutionally sustainable under conditions of delegated cognition. When students fail to inform them-
selves about their own cognitive labor, they also fail to inform the institutions that depend on truth-
ful accounts of that labor. When institutions court ambiguity that enables rationalization, they be-
come complicit in the degradation of the relationship that informs them. In educational contexts 
where these conditions converge, developers who design systems whose affordances foreseeably 
scaffold self-informing failure shape, without yet being accountable for, the epistemic conditions un-
der which students learn to account for their own cognitive labor. 

So long as institutions preserve ambiguity that predictably enables rationalization, and regulatory 
frameworks address a binary misconduct model that artificial integrity dissolves, the condition will 
persist, not as a student failing, but as a structural feature of an ecology that has not yet reckoned 
with what it has built. Restoring the informing relationship requires designing systems that make cog-
nitive labor visible, crafting policies that collapse rather than supply rationalization space, and devel-
oping regulatory frameworks that recognize knowing self-deception as a distinct informing failure re-
quiring distinct remedies. The stakes extend beyond academic integrity: the informing relationship 
between learner and institution is a model for every professional and civic context in which accurate 
accounts of cognitive labor are essential. Addressing artificial integrity is therefore not merely about 
preserving academic standards. In the institutional contexts where it thrives – where AI assistance 
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shades into cognitive delegation, where policies supply rationalization space rather than constraining 
it, and where outputs are evaluated without regard for the process that produced them – it is about 
preserving the conditions under which accurate self-informing remains possible at all. 
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